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Study of Error in Forecasting Power Output of PV Grid Connected System without using Solar

Radiation Measurement
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Abstract

PV systems have been increasingly installed worldwide in
recent years. Because it produces clean energy, moreover the
development of technology is continued therefore the reliability is
increasing and the price is decreasing in opposite. A significant
limitation of PV system is the uncertainty of power from the sun, This
will affect the quality of the electrical system that connected. To solve
this problem, the PV power forecasting methods have been introduced
recently. This paper will present a PV power output forecasting method

by neural network without using solar radiation measurement. Then the

analysis and comparison of forccasting result in winter season with
clear sky and rainy season with cloudy sky are investigated. We found
that in the clear sky forecasting results are more accurate than cloudy
sky. Therefore the forecasting application must be considered for this

issue.
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