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Wednesday May 11, 2011

8:00-9:00 Registration (Nawamintararachinee Building, KMUTNB)
9:00-9 30 Opening Ceremony by Prof. Dr. Teravuti Boonyasopon, President
' ' of King Mongkut's University of Technology North Bangkok
9:30-10:30 Invited Keynote Speech by Prof.Dr.Serge Tichkiewitch
Topic : Life Cycle Knowledge Management
10:30-11:00 Coffee Break
11:00-12:00 Invited Keynote Speech by Dr.-Ing. Gerd Heinz
Topic : Interference Networks as a Generalizing Signal Theory
: between Integral Transformations, Artificial Neural Nets,
| Optics and Acoustics
; 12:00-13:00 Lunch
(\:O 13:00-17:00 Parallel Session Presentations
18:00-22:00 Welcome Dinner

Room 1

Session 1 : Data Mining, Knowledge Discovery, and Knowledge Management

models
Sajjaporn Waijanya, Thanarak Limjitsomboon and
Chayapol Khoonnaret

Time/Paper-1D Title/Author Page
Data Imputation Estimation Using Product
13.00-13.20 Indicator Approaches of Structural Equation |
NCCIT2011-03 | Modeling
Narong Phothi and Somchai Prakancharoen
Agriculture Bibliographic Data Categorization
13.20-13.40 using Feature Selection Techniques y
NCCIT2011-74 | Pilapan Phonarin, Supot Nitsuwat, and Choochart
Haruechaiyasak
An Information Extraction System for Medical
13.40-14.00 Informatics using Text Mining Techniques
NCCIT2011-96 | Umaporn Saisangchan, Ekamorn Meesomsatk, 13
Natthapong Sripadung, Panida Songram, Kaveepoj
Bunluawong, and Phatthanapong Wanchantueng .
Comparative Study of Classification Properties
between KNN,
N(l]il‘?'(l)“;!l(;‘lf?ﬁl} Naive Bays, Decision Tree and Rule-Based 19
Thanyaporn Boonyoung, Aekkarat Lorphichian and
Niroot Porngam ] |
Comparative analysis, data mining techniques to
14.20-14.40 determine the suitability of the technique for -
NCCIT2011-100 prediction the different data sets and different data 24
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